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Abstract: This study is intended to analyze the behavior of individual budget preparers in determining the 
amount of the budget for the coming period and related to overreliance on past information and the existence of 
budgetary behavior, in taking overreaction or underreaction to current PAD information, which is the same as 
the current PAD information. Last year or current information that has changed. This research is a follow-up 
study, in which the overall results of previous studies conclude that the general PAD budget maker in South 
Sulawesi Province behaves in overreaction to the pattern of PAD last year and PAD this year which has an 
impact on the misestimation of the PAD budget for the following year. Came and contributed to the behavioral 
accounting literature, particularly regarding the behavior of individuals who are part of the budgeting of South 
Sulawesi Province. This research is aresearch with a quantitative approach with the type of research that is 
causality and explanatory. The population in this study is all Original Regional Income (PAD) in districts/cities 
in South Sulawesi. The sample was selected by purposive sampling. The sample criteria selected were the district 
and city governments in South Sulawesi from 2017 to 2020. Districts/municipalities of local governments in 
South Sulawesi were classified based on high class, medium class, and low class based on the total Regional 
Original Income (PAD), respectively. Each region in South Sulawesi. Based on purposive sampling obtained 
from 24 regencies/cities, this study uses data for a period of four years. Overall, this research tries to contribute 
to research progress in the scope of public sector budgeting in South Sulawesi. The results of this study, 
Regency/City Prediction Accuracy (KP), have no difference or the same. Thus, the average Prediction Accuracy 
(KP) does not affect districts/cities in South Sulawesi Province. The results show that the highest average 
Prediction Accuracy (KP) is in 2017, while the lowest is in 2019. 
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INTRODUCTION 
 
The economic activity of a local government must increase from year to year. This can increase the 
area's economic potential and impact regional development, which in turn can improve the welfare of 
its people. With the increase in economic activity of a region, it can increase provincial revenues that 
reflect the level of independence of the area. The greater the part's original regional income (PAD), it 
indicates that the region can implement fiscal decentralization, and the dependence on the central 
government will be reduced. PAD has a significant role in improving the performance and development 
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of the local government concerned. The determination of PAD for the next period is discussed and 
determined by the local government PAD budget drafting team. At the end of the specified PAD 
period, the PAD is compared with the PAD realization, but there are always differences. These 
differences often occur in various regions in Indonesia, not least in the province of South Sulawesi. The 
difference between the PAD that has been determined and the realization of the PAD occurs because, 
among other things, there is a misestimation in deciding the amount of the budget for the future. 
Budget misestimations can be caused by measurements or the use of unreliable models. In addition, it 
can also occur due to heuristic bias factors. 

This study deals with the phenomenon of individual behavior in local government in South 
Sulawesi in determining the amount of the budget for the coming period. In particular, this study aims 
to examine how the individual's behavior towards deciding the amount of the funding for the coming 
period is related to overreliance on past information and the behavior of the budgeting team doing 
overreaction to current information, which is the same as last year. And the existence of an 
underreaction to present information that undergoes extreme positive or negative changes. 

This research is significant because it can provide helpful contributions such as empirical 
evidence about the use of the concept of representativeness and anchoring-adjustment on the behavior 
of public sector budget makers in determining the amount of the PAD budget for the coming period. 
With this contribution, it is increasingly understood that this approach is functional and has an 
essential role in making PAD budget decisions in the public sector. The contribution of this research 
also adds insight to the public sector budget drafting team. Experience can also help determine the size 
of the PAD budget for the coming period. Finally, the results of this study can also be used as a 
reference in further research related to decision-making using a heuristic approach. 
 

RESEARCH METHOD 
Research Model 
This research is a research with a quantitative approach with the type of research that is causality and 
explanatory. A causal relationship is a causal relationship between the independent variable and the 
dependent variable. The independent variable in this study is information on last year's PAD budget 
and current year's PAD budget, while the determination of the PAD budget for the coming period is 
the dependent variable in this study. 
 
Population and Samples 
The population in this study is all Original Regional Income (PAD) in districts/cities in South Sulawesi. 
The sample was selected by purposive sampling. The chosen sample criteria are: (1) 
Districts/municipalities of local government in South Sulawesi are classified based on high class, 
medium class, and low class based on the total Regional Original Income (PAD) of each region in 
South Sulawesi. Based on purposive sampling obtained from 24 regencies/cities, this study uses data for 
four years. 
 
Data Collection Method 
The data collection method in this study is secondary data tracing, through questionnaires in previous 
studies by studying document data information such as the realization of budget data that has relevance 
to the problems raised in this study, also obtained through local government websites. 
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Data Analysis 
Descriptive data analysis is a statistic used to analyze data by describing or describing the data that has 
been collected as it is without intending to make conclusions that apply to the public or generalizations. 
Descriptive statistics consist of the mean, median, standard deviation, maximum, and minimum of each 
sample data. The descriptive statistics in this study were processed using Microsoft Excel 2019 computer 
software, SPSS version 23 software to simplify data calculations and estimates. Hypothesis testing in this 
study was carried out using multiple linear regression analysis, which aims to examine the relationship 
between one variable and another and private analysis. The affected variable is the dependent variable 
(endogenous), while the influencing variable is the independent variable (exogenous). The following is 
the equation model to test the H1, H2, and H3 hypotheses, namely: 
 

Y = a0 + a1X1 + a2X2 + e  
Information :  
Y = Prediction Accuracy (KP)  
X1 = Estimated PAD  
X2 = PAD Target    
 

The budget maker's behavior is a phenomenon of cognitive psychology that connects dependence on 
information on the amount of past and present PAD, which is the same or unexpected, with individual 
behavior (overreaction and underreaction) in making decisions such as determining the PAD budget for 
the future period. 

 
RESULTS AND DISCUSSION 

 
Bivariat Analysis 
Bivariate analysis is an analysis used on two variables that are suspected to be related or correlated. In 
this study, before analyzing the data, the data normality test was first carried out to determine whether 
the existing data was standard or not. The normality test was carried out using the Shapiro-Wilk test. If 
the data has been normally distributed, the bivariate analysis was carried out using the correlation test. 
The results of the bivariate analysis using the correlation test are as follows: 

Correlations 

 KP PAD_E PAD_T 

KP Pearson Correlation 1 ,143 -,017 

Sig. (2-tailed)  ,166 ,872 

N 96 96 96 

PAD_E Pearson Correlation ,143 1 ,987** 

Sig. (2-tailed) ,166  ,000 

N 96 96 96 

PAD_T Pearson Correlation -,017 ,987** 1 

Sig. (2-tailed) ,872 ,000  

N 96 96 96 

**. Correlation is significant at the 0.01 level (2-tailed). 
 
Based on the results of the analysis above, it is explained that: 
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1. The significant (2-tailed) value of Estimated PAD against Prediction Accuracy (KP) is 0.166, which 
means that there is no relationship between Estimated PAD and KP because the significant level is 
more than 0.05 (0.166 > 0.05). 
2. The significant (2-tailed) value of Target PAD against Prediction Accuracy (KP) is 0.872, which means 
that there is no relationship between Target PAD and KP because the significant level is more than 0.05 
(0.872 > 0.05). 
3. The significant (2-tailed) value of the Estimated PAD against the Target PAD is 0.000, which means 
that there is a relationship between the Estimated PAD and the Target PAD because the significant 
level is less than 0.05 (0.000 < 0.05). 
 
ANALISIS ONE WAY ANOVA 
Prediction Accuracy (KP) in Each Regency/City 
Descriptive Statistical Analysis 
Descriptive statistics are statistics related to informative data presentation so that data users are easy to 
process. Descriptive statistical analysis provides an overview of the data numerically from the maximum, 
minimum, and mean, and standard deviation. The indicators used in this study were 24 districts/cities 
in South Sulawesi for four years. 
Based on descriptive statistical analysis, it can be seen that the amount of data is 96 research samples. 
The above analysis results show that the highest average Prediction Accuracy (KP) is Soppeng Regency 
of 18.4825 while the lowest is North Luwu Regency of (46.0161). 
 
Homogeneity Test 
If the normality test results of the data are normally distributed, then the homogeneity test is carried out 
with the Levene test. The results of the homogeneity test with Levene's test are as follows: 

Test of Homogeneity of Variances 
PROSENTASE_KP   

Levene Statistic df1 df2 Sig. 

1,135 23 72 ,332 

 
 
Based on the homogeneity test results above, it is known that the data is homogeneous with a 
significance value of 0.332 which means that the significant matter is more than 0.05 (0.332 > 0.05). 
 
One Way Anova Test 
One-way analysis of variance is a parametric statistical technique used to test the difference between 
several groups of means, where there is only one independent or independent variable divided into 
several groups and one dependent or dependent variable. 
The results of the one-way ANOVA test are as follows: 

ANOVA 
PROSENTASE_KP   

 Sum of Squares df Mean Square F Sig. 

Between Groups 22978,435 23 999,062 ,658 ,870 
Within Groups 109315,983 72 1518,278   
Total 132294,417 95    
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Based on the results of the one-way ANOVA test above, it is known that the average Regency/City 
Prediction Accuracy (KP) is the same, with a significance value of 0.870 which means that the 
significant matter is more than 0.05 (0.870 > 0.05). 
 
 

PROSENTASE_KP 
Tukey HSDa,b 

City N 

Subset for 
alpha = 0.05 

1 

KabupatenLuwu Utara 4 -46,0161 
Kabupaten Pare-Pare 4 -40,0122 
KabupatenPangkep 4 -30,4068 
KabupatenPinrang 4 -23,3201 
KabupatenWajo 5 -20,0369 
Kabupaten Tana Toraja 4 -16,2154 
KabupatenToraja Utara 4 -13,8901 
Kabupaten Bone 4 -13,1070 
KabupatenGowa 4 -12,1194 
KabupatenLuwu 4 -12,1164 
KabupatenTakalar 4 -10,3225 
Kota Makassar 4 -9,2870 
KabupatenSinjai 4 -5,5353 
KabupatenBulukumba 4 -4,0531 
KabupatenPalopo 4 -2,8308 
KabupatenMaros 4 -1,6605 
KabupatenEnrekang 4 -1,1029 
KabupatenSidrap 4 -,0859 
KabupatenJeneponto 4 5,4073 
KabupatenLuwu Timur 4 6,4422 
KabupatenKepulauanSela
yar 

4 7,4929 

KabupatenBarru 4 10,2767 
KabupatenBantaeng 4 14,6361 
KabupatenSoppeng 3 18,4825 
Sig.  ,782 

Means for groups in homogeneous subsets are 
displayed. 
a. Uses Harmonic Mean Sample Size = 3,978. 
b. The group sizes are unequal. The harmonic mean of 
the group sizes is used. Type I error levels are not 
guaranteed. 
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Based on the results above, it is known that the Regency/City Average Prediction Accuracy (KP) has a 
significant value of more than 0.05 (0.782 > 0.05), so there is no significant difference, or in other 
words, the average Prediction Accuracy (KP) Regency/City are the same. 
 
 
Multiple Comparison Test 
If Anova H0 is accepted, the work is completed to conclude that all averages are relatively the same. If 
the analysis of variance results in a rejection of H0, then it is between different means. The multiple 
comparison test in this study is the turkey test. 

Multiple Comparisons 
Dependent Variable:   PROSENTASE_KP   
Tukey HSD   

(I) Year (J) Year 
Mean 

Difference (I-J) Std. Error Sig. 

95% Confidence Interval 

Lower Bound Upper Bound 

2017 2018 26,95799* 7,73169 ,004 6,7271 47,1888 

2019 71,64465* 7,73169 ,000 51,4138 91,8755 

2020 19,03187 7,73169 ,073 -1,1990 39,2627 

2018 2017 -26,95799* 7,73169 ,004 -47,1888 -6,7271 

2019 44,68666* 7,73169 ,000 24,4558 64,9175 

2020 -7,92611 7,73169 ,735 -28,1570 12,3047 

2019 2017 -71,64465* 7,73169 ,000 -91,8755 -51,4138 

2018 -44,68666* 7,73169 ,000 -64,9175 -24,4558 

2020 -52,61277* 7,73169 ,000 -72,8436 -32,3819 

2020 2017 -19,03187 7,73169 ,073 -39,2627 1,1990 

2018 7,92611 7,73169 ,735 -12,3047 28,1570 

2019 52,61277* 7,73169 ,000 32,3819 72,8436 

*. The mean difference is significant at the 0.05 level. 
 

PROSENTASE_KP 
Tukey HSDa 

Year N 

Subset for alpha = 0.05 

1 2 3 

2019 24 -50,9448   
2018 24  -6,2581  
2020 24  1,6680 1,6680 
2017 24   20,6999 
Sig.  1,000 ,735 ,073 

Means for groups in homogeneous subsets are displayed. 
a. Uses Harmonic Mean Sample Size = 24,000. 

 
DISCUSSION 
Prediction Accuracy (KP) in Each Regency/City 
In this study, the Regency/City Prediction Accuracy (KP) does not have a difference or the same. Thus, 
the average Prediction Accuracy (KP) does not affect districts/cities in South Sulawesi Province. It can 
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be seen that the amount of data as many as 96 research samples. The results of the above analysis show 
that the highest average Prediction Accuracy (KP) is in 2017 (20.6999), while the lowest is in 2019 
(50.9448). 
1. The average difference in Prediction Accuracy (KP) in 2017 and 2018 is 26.95799, while the 

average difference in Prediction Accuracy (KP) ranges from 6.7271 (Lower Bound) to 47,1888 
(Upper Bound). ) at the 95% confidence level. Based on the output, it is known the value of sig. 
0.004 < 0.05, so it can be concluded that the Prediction Accuracy (KP) in 2017 and Prediction 
Accuracy (KP) in 2018 are not the same, and the average difference in Predictive Uncertainty (KP) 
descriptively between the two years is significant. There is Prediction Accuracy (KP) data for 24 
districts/cities in 2019, meaning that the average Prediction Accuracy (KP) for 24 districts/cities in 
2019 does not have a significant difference. In other words, the average KP for 24 districts/cities 
in 2019 is the same. 

2. The average difference in Prediction Accuracy (KP) in 2017 and 2019 is 71.64465, while the 
average difference in Prediction Accuracy (KP) ranges from 51.4138 (Lower Bound) to 91.8755 
(Upper Bound). ) at the 95% confidence level. Based on the output, it is known the value of sig. 
0.000 < 0.05, so it can be concluded that the Prediction Accuracy (KP) in 2017 and Prediction 
Accuracy (KP) in 2019 are not the same, and the average difference in Predictive Uncertainty (KP) 
descriptively between the two years is significant. There is data on Prediction Accuracy (KP) for 24 
districts/cities in 2018 and 2020, meaning that the average Prediction Accuracy (KP) for 24 
districts/cities in 2018 and 2020 does not have a significant difference; in other words, the average 
KP for 24 districts/cities 2018 and 2020 are the same. 

3. The average difference in Prediction Accuracy (KP) in 2017 and 2020 is 19,03187, while the 
average difference in Prediction Accuracy (KP) ranges from -1.1990 (Lower Bound) to 39.2627 
(Upper Bound). Bound) at the 95% confidence level. Based on the output, it is known the value 
of sig. 0.073 > 0.05, so it is concluded that the Prediction Accuracy (KP) in 2017 and Prediction 
Accuracy (KP) in 2020 are the same, and the average difference in Predictive Uncertainty (KP) 
descriptively between the two years is not significant. There are data on KP for 24 districts/cities in 
2020 and 2017, meaning that the average Prediction Accuracy (KP) for 24 districts/cities in 2020 
and 2017 does not have a significant difference; in other words, the average Prediction Accuracy 
(KP) for 24 districts/cities 2020 and 2017 are the same. 

 
CONCLUSIONS 

 
In this study, Regency/City Prediction Accuracy (KP) does not have the same difference or difference. 
Thus, the average Prediction Accuracy (KP) does not affect districts/cities in South Sulawesi Province, 
the Prediction Accuracy (KP) in each year, the average Prediction Accuracy (KP) of 25 districts/cities 
from 2019 compared to 2020 is different, and the difference is significant. Meanwhile, 2017 compared 
to 2018 and 2020 is the same, and the difference is not significant. 
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